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Summary

A recommendation on a geologic carbon storage (GCS)-specific meaning of the
word “Conformance” is provided.
A metric for quantifying the conformance robustness of a GCS project during
its operational phase is defined and demonstrated.
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e Conformance of a GCS system is the condition under which there is
acceptable concordance and acceptable performance.
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 Uncertainty reduction analysis in plume stability metrics with repeated assimilation of

Fig.: Boxplot of average absolute
difference between calibrated
models and the true model.

The conformance robustness metric requires four components: (1) the
system model (Eq. 1), (2) the concordance metric (Eq. 2), (3) the performance
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criterion (Eq. 3), and (4) the uncertainty model (Eq. 4). Pres. plume ;
area ¢ 5 | e |
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